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Here, we use way-point following method rather than trajectory control, since
the waypoint following is more accurate at the end point of arrival. To summarize
that, We make the following contribution in this paper.

• Despite the various aforementioned control and estimation methods,
the experiment was conducted focusing on the waypoint following logic
incorporated into ROS publish and subscribe block introduced in MAT-
LAB/SIMULINK recently.

• The real environment experiment is implemented based upon the way-points
from ROS subscribe block.

• Furthermore, the dynamic obstacle avoidance experiment is implemented
based upon the way-points from ROS subscribe block similar to the exper-
iment in [1].

2. Pure pursuit algorithm design

In this section, the pure pursuit method described in [10] is used to incorporate
the aforementioned design into adjust velocities part.

The angle of the mobile platform’s body is set as α named as look ahead distance
angle given as

(2.1) α = θ − tan−1

(
ylook ahead − y

xlook ahead − x

)
.

The radius of curvature R is given as

(2.2) R =
ld

2 sin(α)

where ld is look ahead distance.

(2.3) ai(t) = 2αi(t)Ri(t)

where αi(t) is the look-ahead distance angle at i-th time point, and Ri(t) is the
radius of curvature at the i-th time point. The linear velocities are given as

(2.4) vi(t) =
ai(t)

δT
=

αi(t)ld
δT sin(αi(t))

.

Fig. 2 is set as the look-ahead point at the i-th time point. This look-ahead point
is also the reference path point at the n-th time point tn, then the time interval δT
is shown in

(2.5) δT = tn − ti.

The pure pursuit geometric model is described in Fig. 1. where L is wheel base
of the mobile platform, R is the radius of the curvature. The ranger-mini mobile
platform’s steering angle ϕ at each sampling time is given as

(2.6) ϕ =
L

R
.
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Figure 1. The pure pursuit geometric model

Figure 2. Tracking parameters of the pure pursuit with adjusted velocities

3. Adjust velocities part

A scan data set enters this block, compares the range values, and generates linear
and angular velocities that can avoid dynamic obstacles. The adjusted linear and
angular velocities design in the Simulink is provided in Fig. 3.

The recovery subsystem design is described in Fig. 4.
The path following subsystem design is described in Fig. 5.
The following code is written in the Matlab function box, given as

Algorithm I

func t i on w = exampleHelperComputeAngularVelocity

( s t e e r i ngD i r , wMax)
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Figure 3. The design of the adjusted linear and angular velocities.

Figure 4. The subsystem design of the recovery part

i f narg in == 1

wMax = i n f ;

end

v a l i d a t e a t t r i b u t e s ( s t e e r i ngD i r , { ’ double ’ } ,{ ’ r ea l ’ } , . . .

’ exampleHelperComputeAngularVelocity ’ , ’STEERINGDIR’ , 1 ) ;

v a l i d a t e a t t r i b u t e s (wMax, { ’ double ’ } ,{ ’ r ea l ’ , ’ p o s i t i v e ’ } , . . .

’ exampleHelperComputeAngularVelocity ’ , ’WMAX’ , 2 ) ;

curPose = [0 0 0 ] ;
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Figure 5. The subsystem design of the path following part

lookaheadPoint = [ cos ( s t e e r i n gD i r ) , s i n ( s t e e r i n gD i r ) ] ;

s l ope = atan2 ( ( lookaheadPoint (2 ) − curPose ( 2 ) ) , . . .

( lookaheadPoint (1 ) − curPose ( 1 ) ) ) ;

alpha = angd i f f ( curPose ( 3 ) , s l ope ) ;

w = (2∗ s i n ( alpha ) ) ;

i f abs ( abs ( alpha ) − pi ) < 1e−12

w = s ign (w) ∗1 ;
end

i f abs (w) > wMax

w = s ign (w)∗wMax;

end

end

The adjusted velocities part is incorporated into the previous pure pursuit design.
Hence the dynamical obstacle avoidance is implemented during the experiment,
since the angular velocities is changed when the Ranger-mini platform encountered
unexpected obstacle, by displaying range value in the path following subsystem in
Fig. 5.

4. Experiment through Ranger mini mobile platform

The sensor and hardware configuration is given as in Fig. 6. We conduct experi-
ment in an range mini mobile platform introduced in [11] To deal with the dynamic
obstacle of a generated path, we use ROS scan data sets that is sent to MATLAB
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Figure 6. Picture view of the hardware test bench of the Ranger-mini

laptop in a real time. [4] discussed that mobile robots can sense and navigate their
environments using various sensors, here, we use 16 channel Velodyne Lidar(VLP
16 Puck model). The sensors structure is given as Fig. 6. In addition, we use soft-
ware Adjust incorporated pure pursuit control algorithms to decide, plot generated
way-point paths, avoid obstacles. Furthermore, most mobile robots can learn from
their surroundings and enhance their performance over time owing to adjust linear
and angular velocities algorithm. The overall structure in MATLAB SIMULINK is
shown in Fig. 7.

Figure 7. The overall structure using modified pure pursuit and
adjusted velocities to avoid dynamic obstacle

4.1. Calculate the initial heading angle from ROS Odometry Block. Firstly,
we moved Ranger-mini platform from starting point to end point using ROS publish
and subscribe block. The starting point and end point from ROS odometry block
is given as

(4.1) x1 = 0, xend = 0.85, y1 = 0, yend = 0.84.
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Figure 8. The dynamic obstacle avoidance and way-point following
experiment scenario

Table 1. Experimental Condition

Initial (x(1), y(1)) End point (x(end), y(end)) Initial heading angle h(0)
(0,0) (0.85,0.84) 0.7854 (rad)

The heading angle calculation is given as

(4.2)

δx = x(end)− x(1),

δy = y(end)− y(1),

h(0) = atan(δy, δx).

Where h(0) is initial heading angle, x, y are longitude and latitude values from ROS
odometry information.

The following table are shown in experimental condition. In addition to the
condition in Table 1, the sampling time is set as 0.01 and mobile platform’s linear
velocities are set as 0.1 (m/s). The dynamic obstacle which means a human was
interrupted during the experiment, then the Ranger mini platform stops and tracks
another way to avoid a human. The result of dynamic obstacle avoidance scenario
is given in Fig. 8

The 16 channel velodyne lidar recognizes the dynamic obstacle denoted as red
circle, then adjusted velocity part recalculated linear and angular velocities to avoid
obstacle. If we use only pure pursuit, the green line implies that it could not avoid
dynamic obstacle. The result explains that the adjust velocities incorporated into
pure pursuit well tracks the final point, simultaneously, the aforementioned method
could avoid dynamic obstacle bypassing the direction, described in Fig. 9. In
the existing design method using the only pure pursuit, the ranger-mini mobile
platform could not avoid the dynamical obstacle described in green line in Fig. 9.
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Figure 9. The experiment result avoiding dynamic obstacle, simul-
taneously following starting point to end point of ROS odometry

By adjusting the angular velocity in the adjusted part introduced in Section 3, the
mobile platform could be avoided before hitting dynamic obstacles. In the real
environment, the plot in Fig. 9 is replotted in MATLAB web map, described in
Fig. 10.

Figure 10. The experiment result avoiding dynamic obstacle, si-
multaneously following starting point to end point of ROS odometry
in MATLAB web map

5. Conclusion

In this paper, the pure pursuit based adjust control was modeled to a real 4
wheel independent steering system for the waypoint following of an the generated
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designated waypoint. In addition to that, the dynamic obstacle avoidance exper-
iment was conducted by designing adjust control combining with ROS scan data
sets. The experimental result is shown in which the mobile robot follows designated
waypoints based on ROS odometry data sets. Simultaneously, the 4 wheel mobile
platform (Ranger mini) can avoid dynamic obstacle (In the experiment, a person
was interrupted during experiment time).
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